
EHR Data Could Strengthen Real-World Specialist Evidence

 

Specialist practices generate detailed clinical information through routine care, including treatment patterns, longitudinal outcomes and patient
responses that may not appear in controlled trials. Electronic health records (EHRs) contain much of this information, but data are often difficult
to search, compare and analyse for internal audit or external research. Clinical trials enrol relatively homogeneous patient populations under
tightly controlled conditions, while routine care includes patients with comorbidities, varied disease trajectories and inconsistent treatment
adherence. This creates a gap between evidence generated under trial conditions and the complexity of everyday clinical practice. For
healthcare leaders, the issue is not whether relevant data exist, but whether clinical records can be structured and reused without adding
unnecessary documentation burden.

 

Real-World Records Capture Complex Care
Specialist care records contain information that differs from data generated in controlled clinical trials. Routine encounters show how treatments
are used in practice, how patients progress over time and how outcomes vary across different clinical profiles. These records can include
patients who would not meet trial eligibility criteria, as well as those with more complex disease courses, additional conditions or inconsistent
treatment adherence.

 

Must Read: EHR Adoption Depends on Readiness and Workflow Design

 

Organised clinical data can give practices a clearer view of their patient populations. It can show how patients progress, how they respond to
treatment and how outcomes vary across different clinical profiles. In practical terms, this may support identification of patient subgroups that
respond best to a therapy, tracking of outcomes when treatment intervals change and benchmarking of adherence and follow-up rates against
broader peer data.

 

For practice leadership, structured data can also make operational patterns easier to identify. Relevant areas include which conditions are
managed according to guidelines, where care gaps exist and how outcomes compare with published standards. Such data can also support
more detailed comparisons with clinical trial findings by showing where routine patient populations differ from trial populations. Beyond the
individual practice, real-world data can contribute to evidence on treatment effectiveness, safety monitoring after approval and future study
design.

 

Unstructured Documentation Limits Data Use
The clinical variables needed for benchmarking and research are often not held in clean, queryable fields. Imaging findings, treatment sequences
and outcomes tracked over months or years may be embedded in free-text notes, PDF imaging reports and documentation systems designed for
specialist clinical workflows. Diagnosis codes capture only part of the clinical picture and manual extraction is difficult to sustain at scale.

 

Ophthalmology illustrates the problem because the field generates rich longitudinal information. Relevant data can include optical coherence
tomography measurements, visual acuity recorded over time and detailed treatment histories. Lack of harmonised data structures and
inconsistent data labelling across ophthalmology EHR systems create a barrier to large-scale research in the field. Even within one institution,
the same clinical data may be stored in different locations and at different levels of detail.

 

Similar documentation challenges occur across many clinical fields. Data created during routine care may be clinically useful at the point of
documentation, but difficult to reuse for analysis when formats, labels and storage locations vary. Manual chart abstraction offers one route to
retrieve unstructured information, but it requires trained staff to review records individually, extract relevant variables and maintain consistency
across large volumes of documentation.
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Natural Language Processing Can Support Structure
Natural language processing and machine learning can be applied to clinical records to extract variables from unstructured data. These methods
can structure information from notes, imaging reports and other record formats more quickly than manual abstraction. They can also work with
records already produced during care, rather than requiring clinicians to change documentation practices.

 

Clinical records create specific technical demands. Terminology varies by clinical field, abbreviations are dense and meanings can depend
heavily on context. Misclassification can have significant consequences, particularly when extracted data are used for research, benchmarking or
comparisons with clinical trial findings. Clinical natural language processing models trained on large volumes of medical text can recognise
disease-specific variables, including progression markers, treatment response indicators and meaningful changes in a condition over time.

 

Validation remains essential. Extracted data need to match what a clinician would identify in the record. Audit trails also need to show what was
extracted and how, so practices and research partners can verify the resulting dataset. Relevant tasks include parsing imaging reports,
abstracting notes, normalising measurements and linking encounters over time to reconstruct what occurred during care. US regulatory guidance
on EHR and medical claims data provides one example of how routine care data can inform decision-making for drugs and biological products.

 

Specialist practices hold substantial information on real-world treatment patterns, patient outcomes and longitudinal care. Much of that
information remains difficult to use because key clinical details are often stored in unstructured formats or inconsistent locations. Structured data
can support internal benchmarking, comparison with published standards, research participation and outcomes-based evidence generation.
Natural language processing and machine learning offer one route to making existing records more usable, provided extracted data are
validated, auditable and aligned with clinical meaning. The aim is better reuse of data already created during care, rather than a shift in clinical
documentation.

 

Source: Health IT Answers

Image Credit: iStock  

Published on : Wed, 8 Jul 2026

© For personal and private use only. Reproduction must be permitted by the copyright holder. Email to copyright@mindbyte.eu.

https://www.healthitanswers.net/the-most-valuable-clinical-insight-in-healthcare-is-already-in-your-ehr
https://www.istockphoto.com/

	EHR Data Could Strengthen Real-World Specialist Evidence

